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A binarized super-resolution network,based on attention information

focusing and progréssive gradient constraints

Huang Jiafeng, Wu Lijun
(College of Physics and Information Engineering, Fuzhou University, Fuzhou 350108, China)

Abstract: Transformer-based networks have aghieyed excellent performance in image super-resolution tasks, but their high memory and com-
putational costs hinder deployment. To addressithis issue, this paper proposes a binarized lightweight super-resolution network called BiSR-
AG, built upon the SwinIR network. #irst, we implement a binarized baseline network based on existing binarization methods and SwinlR.
Furthermore, we design an attention information-aware module to fully match the information capacity of the binarized model. Additionally, a
progressive gradient update interval constraint training strategy is developed to alleviate the problem of partial parameter non-update in the at-
tention mechanism. The experimental results demonstrate that the BiSR-AG network effectively compresses the model size while maintaining su-
perior reconstruction performance and perceptual quality.
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