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Identification method of a class Hammerstein model in
largest industry system
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Abstract: For large industrial Hammerstein model in a steady-state and dynamic identification of a combination of sub—space
models—two—step method to identify dispersed. This method is to set—point step signal as input identification signals, the static non-
linear gain and linear dynamic part of some other identification. Very good solution to the traditional two-step method of solving dif-
ficult non-linear and two—step communication between the lack of organic problems; The simulation results show the effectiveness of

the method and practical.
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