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Abstract: This paper uses a ne pace based principal component analysis method
(KPCA) and principal component spal imin d]VSlS met ). The first step is to reduce the dimension of the
principal components of the face image i §gh dimensional space. The second step is to use LDA method based on

principal component subspace t9§reduce Turther fyQlension. nd

at last us 6\%¢lﬂdb and the

enfudidean distance separator is embedded to LDA to classify
the sample effectively. This pap ace database to verify the algorithm, and experimental results
show that the algorithm is much significantly improved the performance .
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