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e number and scale of databases have surged. Traditional data ac-
tion and low efficiency when meeting the needs of massive data process-
rtant bridge connecting user needs and database access. However, existing
rceghon-domestic datasets, and their application is plagued by issues like inconsistent
i knowledge, and poor reliability. To address this, this paper, in line with the locali-
he database field, designs a Text-to-SQL dataset for domestic databases, adopts a two-

guage models based on synthetic data methods, proposes a Text-to-SQL method for domestic

databases based on large language models, and fully verifies the effectiveness of the method through experiments.
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Prompt for DM Data
Your task is to generate one additional data point at the {difficulty} difficulty level, in alignment with the format of the two
provided data points.
1. Domain: The domain can be expanded beyond the scope of "duty performance”, to enhance the model's generalization ability
for the domestic database ecosystem.
2. Schema: Post your domain sclection, craft an associated sct of tables. These should feature logical columns, appropriate data
types, and clear relationships.
3. Question Difficulty- {difficulty}:
- Easy: Simple queries focusing on a single table.
- Medium: More comprehensive queries involving joins or aggregate functions across multiple tables.
- Hard: Complex queries demanding deep comprehension, with answers that use multiple advanced features.
4. Answer: Formulate the SQL query that accurately addresses your question and is syntactically correct.
- SQL must contain the syntax structure corresponding to the difficulty
Additional Guidelines:
- Ensure SQL uses multiple tables for higher difficulty levels
- Maintain diversity in question topics
--Use functions and syntax compatible with Dameng Database, such as TO_DATE() to handle the time format, and the transaction
control statement BEGIN WORK/COMMIT. And add "" to both sides of all table names
Examples: {example_block}
Generate ONLY the following sections:
Domain: [Your Domain Here]
Schema:
CREATE TABLE tablel (...);
CREATE TABLE table2 (...);
Question:[Your Question Here]
Answer:[Your SQL Query Here]
DO NOT:
- Generate incorrect Question,answer and Schema
- The generated questions and sql queries exceed the The regulation of difficulty or do meet the difficulty requirements
- Add any additional comments,symbols
- A line wrap is required after a section
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“w/o Strong”

Wrong Column

Table:players

Player id First name Last_name
1 Jone fox
2 Leborn Davis

List the names of all winners who played in
both 2013 and 2016.
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‘g&fi*ﬂﬂt?&l@ﬁﬂﬁﬁ%}ﬁ?ﬁ%iﬂ@

SELECT DISTINCT T1.winner name FROM I8
players AST1......
) g o 9 FiR, Hoh, JEHfEHBIA DeepSeek-v3
SELECT DISTINCT T1.First e, A SN 5, 4 B, LA MR 9 2
T1.Last nameFROM pl:ﬁ&r‘s ASTl.......
. I <, B4E4E (Chain-of-Thought, CoT) #(£ Tk
10%
50% 0 R ) O R
B3R (R () (b' A9 FRSHRBME AN
g 1] B/ % 45/ % X/ % B/ %
3.5 SHEBHMSM
DeepSeek-rl 87. 88 64. 1 32 63.92
W APY 20 Bl 2 N 24 e
DeepSeek-v3 93.4 66. 6 24 64.9

BO(WMR8 FrR) WM, BEE SRR B T
E 4 A HER

WG SR L T T2S, BN AR A B, (S
PRAER R HAT T T2S, 28 8 T2S Ml Zr A 3. B4t
Qwenl. 5-14B % 1) P fE 3G it 25 T Qwen-1. 5-7B, Qwen-
1.5-0.5B, Ti‘5 Qwen-1.5-72B 57 GEHI 22 A Kk, X ik
WIREE S HCR AR RS, BERPE R L RERE 4R T, (LR AT AR

A8 R AHAER MR AT
H A TR 5./ % /9 WA/ % B/ %
Qwen-1.5-0. 5B 3.03 2.56 0 2.06
Qwen-1.5-7B 60. 6 43.6 4 39.2
Qwen-1.5-14B 75.7 53.8 12 50.5
Qwen-1.5-72B 75.76 61.5 12 53.6
T28 74.3 60. 6 24 56.7
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3.7 ZWLHiL

ARSIy 32 B S8 [ 7 RO P Ik A, A f RO R
TR B B T 1 TR R R R 55 S e, 45 G o g AU A
BRE A, AR T T AR R [ RO R S B RE . K
a5 RRE, AHE ST R H Y RO 2R BB A8 W B A AL
e[ AR T B £ 00 E B R Ak A R, RIS
A5 R A [ 5 A 0 B 1o I B T R SRR
4 i

ASSCIR S8 [ 7= Bdle o Ik &, TR GR T Text-to-SQL
BB S B, AR R A, 2
weit . BOE AR A T A KR e o i A S A RO
PR BB R R 55 3 5, A G R 5 AR A B R, DA
B AR UL 56 FIE A S B 25 S, A DU S5 E %,
8 [l 7 R A RO 2 R ) & 1] Text-to-SQL #di 52, I
TN T B P & I Text-to-SQL 5 A $ ¥ B2 25 11
i AR T O T O R R R RO M 2 A, A
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[F 25 E = s s IF AR Tl & A Hk,
IR S KIE SRR B AR WS, AUE
T HA HEARAE E =R E A T B A G
PURNE MO, B35 88 T T 15 A P8 46 OC 8l 55
Y SE M S WM, R Text-to-SQL 7 AR 7 EH ™ b
WA S TP O R R MBS T AL B ST R . Ik
LT AE TR B B0 b B Tk A FUR L 55 37 = E A R
Yy R T A A A Sy RO ) B AR E S RS R
HET AT 7 2 SR A2 IR T ZE S 49 fl sk itk , 4 i 9
EFET AT B S BRI, B g R R 4%
(ngs AL 55 UhE . ZReeddt) MRkEeEn,
el 45 G B BUR 1) B0 SRR I — 25 TR IE .

ke vT HE — 2 O v BRI o  oR AR T L B E R
HRed R, RESSERRNAER, ##t—PRAKER
Xtk AT g7 (i WM_ CONCAT) 19 566 /7 L &
WY REEEEZEZEZERE (WAKREE. MY
W), BATLUEEE DM Bl + E= AL (N Chat-
GLM-6B)” ¥y [ = fb 7 28, 3 i I B 2% > F AR o A% Hh &
By e B AR I 2R A8, HE D) Tent-to-SQL 7£
. CiEET R, D) Text-to-SQL # AR 7F [ =
A A= 25 B TR B N
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