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Abstract: Data quality monitoring is a critical chal@%a processing. This study proposed an innovative method that effi-

ciently generates data quality validation rules a ategies through rule configuration, and implements multi-indicator con-
current validation in a single SQL query, signifi improving validation efficiency. The design principle of the technical solu-

tion was elaborated in detail and perforgaice cgfaparison experiments were conducted. Experimental results demonstrated that the

solution improves data processing spe ~20 times, rule configuration efficiency by 4 ~5 times, while maintaining resource

consumption (CPU, memory) a mparable to traditional solutions, with an accuracy rate of 99. 99% . This study provides
a quantifiable reference prac ata quality management in big data environments.
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