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Abstract: In complex application scenarios, d

effectively, and reliably evaluate the noise resist:

telligent technology. However, the exisg
have no explainable theoretical basjs?
measure, a layer-wise noise resi

tion of the network’s noise resi

ress the above problems,
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networks are susceptible to noise data interference. How to objectively,
of deep networks has become one of the key issues in the development of in-

evalfration methods can only evaluate the noise resistance of the whole network, and

based on Minkowski difference based linear separability

aluation method for deep neural networks is proposed, achieving an explainable evalua-

performance. This method can quantitatively analyze the data mapping behavior of each hid-

den layer of the deep network, explain the influence mechanism of noise interference on each hidden layer of the network, and

then establish an explainable noise resistance evaluation method for the network’s hidden layers.
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