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Construction of geographical k @m graphs based on
large language models a% curity applications

Liu
(1. Department of Electronic Engme Tsinghua University, Beijing 100086, China;
2. Yali Mi @001, Changsha 410001, China)

Abstract: Geographical knowledge graphs are va le for complex geographic tasks due to their structured and interpretable na-

i JLi Yong'

ture. However, their construction is off 'me’consuming, labor-intensive, and costly, which limits practical applications. To

address this issue, an automated c ion approach based on large language model agents is proposed to achieve efficient and
low-cost generation of geographd edge graphs. This approach leverages the natural language understanding and code gener-
ation capabilities of large langudg models to design automatic parsing and processing workflows for multi-source heterogeneous ge-
ographic data. By introducing reasoning-based feedback and verification mechanisms, the execution success rate is significantly
improved. Finally, we discuss the potential applications of this knowledge graph in the urban safety area. Ultimately, a system ca-
pable of autonomously constructing geographical knowledge graphs is developed, providing a solid data foundation for the wide ap-
plication of geographic knowledge graphs and a technical foundation for urban safety applications.
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