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southeastern Chinese city with a population of one million. To ad-

Abstract: This study focuses on a water treatment plan@
dress the inefficiency of traditional water quality mo@ nd the difficulty in pre-determining coagulant dosage, we proposed a
Mie

prediction model based on convolutional neura (CNN). After enhancing data quality through preprocessing, key fea-
tures were selected using the information gain rati§, A CNN architecture incorporating 1D convolutional layers, pooling layers,

and fully connected layers was develo
demonstrated superior performance
(MAE) of 50.709, and good
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ithq{eLU activation functions optimizing feature representation. Experimental results

odel, achieving a root mean square error (RMSE) of 68. 550, mean absolute error

ng; coagulant prediction; convolutional neural network
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