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Wu Jiantao, Li Junda, Q&n, Huai Xiaoyong
(National Computer System Engineering Régearcll Institute of China, Beijing 100083, China)

Abstract: Event extraction technology, which aims@
n

serves as the foundational infrastructure for con

and structurally represent event information from unstructured text,
owledge graphs and enabling public opinion analysis. To address the
challenges of multi-event coexistence, complex ive structures in lengthy news texts, and input length constraints of existing
models, this paper proposes a hierarchical evegb extraction framework specifically designed for news narratives. The framework

features three key innovations; (1 aftic boundary segmentation algorithm that optimizes paragraph segmentation to mini-

mize cross-paragraph fragmentati eVent elements; (2) integration of machine reading comprehension (MRC) technology for

localized event element extrach 3) a cross-chunk event fusion algorithm is designed to achieve semantic integration of distrib-
uted event components. Experimental evaluations demonstrate that the proposed framework effectively adapts to the structural char-
acteristics of news texts, can consistently extract critical information in multi-event scenarios, and deliver practically viable techni-

cal solutions for public opinion monitoring and knowledge graph construction.
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