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Abstract: A robust blind watermarking method for databfisés, b

on additive noise is proposed to address the issues of copyright

aring and publishing. This method integrates database watermarking

infringement and privacy breaches in the process of @‘
with data desensitization techniques, leveraging i t distortion of additive Laplace noise. Watermark information is embed-

ded through the ratio parity and noise modificatio

hanisms, significantly reducing secondary distortion. By adjusting statistical

characteristics, the method preserves data\usabidity. While enhancing privacy protection, it enables blind extraction of watermark

information and demonstrates excepti

data leakage and unauthorized u

leakage tracing, and copyrig

stness. Experimental results show that this approach effectively reduces the risks of
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