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d traffic is exploding. While ensuring the security of information transmis-
tuniffes, and poses unprecedented challenges to the classification and identification of
ication methods and flow-level behavior characteristics can achieve higher accuracy
eds to be improved in data privacy and security. This paper focuses on the network en-

ased on federated learning. Aiming at the traffic characteristics encrypted by SSL / TLS, an

efficient encryption traffic identification model is proposed. The model mainly realizes the accurate classification of encrypted traf-
fic through feature extraction and model training. The scheme can carry out information sharing and model training without touch-
ing the original data. The accurate encrypted traffic analysis model is obtained by weighted average strategy, and the high-risk

traffic mixed in massive data is effectively monitored. Experiments on encrypted data sets effectively verify the feasibility of the

method.
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