5 M4k : www. pcachina. com

BT R R HAT L B B E s 48 12 7 A

Fotde, FEZ, NP x, DX, THAB, B A, AL, FEHA, X
(BB RHECARA R yeEaedrl i, dbst 100010)

W OE: ATMAERBR AR AN G- h R, BKERRERD P BAELHE £ F R0 ELmiE
B BAER R AR 2, QIR E AT RARRE R BATHEGRERE BRI F R, T4, RA “3 minig
R” Fo “AE+BEGHR +ZBAH FEN TS FNESHUBERTE SRR, RE, ATWELREERES
FREGERANN; RE, RELSRTER D F HTHME, B AMREGH KIS LHEMRTRRERA F IRIE
W AL, AR MR A RER TR P BRAERSH, FHREREN, IRFEFTRAIRYLSEAK, LRLH
PAEIL IR A R B R TR L — AR AN, EN TRARKELE SARBIPEL M, LASETRK

T = AAF GBI AR T RREE AR F,
KEER: 1EAKIE, hATHE; BERE, BB K, BRARIRS 0
hE %S, TP311; F299.2 X FRIRAG: A DOI: 10. 19358/)Nissn$2097 — 1788. 2024. 08. 008

IR w2, e, Xihss, . B TR RO AT R E B9 UL Angt U [T ). 4% 2 A 5RO BE

2024, 43(8). 44 -48. Q

Y4
Fine-grained identification me &ome—work location based

on travel charagf@ridtics of residents

Huang Xingru, Li Yixuan m%\gliang, Feng Hanbin, Wang Xizhao,

Yan Lon wen, Li Xuanzi, Li Dazhong

(Data Intelligence Division, Digital Technology Co. , Lid. , Beijing 100010, China)

2,

itations of the traditional home-work model calculation rules and reduce the identifica-

Abstract: To address the simplicity a
tion errors caused by differences in y routines of residents in various regions or temporary changes, this study proposed a

fine-grained identification met me-work location based on the travel characteristics of residents in different regions. First-

" inute slicing" and "angle + stay time + connection frequency" are used to denoise and refine

ly, various methods such as
the mobile phone signaling data. Then, based on spatiotemporal constrained density clustering, stay points are identified and ana-
lyzed. Finally, according to the daily travel characteristics of residents in various cities, weighted stay duration is introduced to
dynamically update the home-work calculation rules for residents in different city areas, thereby refining the identification of home-
work distribution for users in different cities. Experimental results show that the processes involved in this method are reasonable
and effective, and the final home-work identification results are significantly better than those of traditional single home-work mod-
el calculation rules. This method is suitable for batch processing of home-work problems in multiple regions simultaneously, par-

ticularly for cities where changes in routines are caused by unexpected events.
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