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Abstract: Detecting elephant flows is a critical task in netwo@g and management. The existing detection methods main-

ly focus on the size of the flows, where they filter the el t
work tend to be swamped by a large number of mou@ es

being able to correctly detect elephant flows by
from the mouse flows by expelling the oldest flo

the new method achieves good precisio
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ith ligited memory size.

s by size. However, the real elephant flows in high-speed net-

pecially under limited memory size, resulting in the algorithm not
is paper, we propose a novel method which separates the elephant flows

ch also takes on big arrival interval of data. Experimental results show that
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