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Abstract: With the release of relevant laws and regulationsg

for privacy protection are constantly increasing. Aiming
Collaborative Learning Technology for Classification

morphic encryption and differential privacy are geg
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privacy protection. In terms of utility, the calc

bels, which can reduce the impact of la

is carried out, and the experiments
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awakening of people’ s privacy awareness, the requirements

ario of classification, this paper proposes a Privacy-preserving

at emphasizes both privacy and utility. In terms of privacy, homo-
edfand a secure aggregation mechanism is designed to achieve more robust
factor of information entropy is introduced to measure the credibility of la-
ling noisé®on model performance. Finally, the security analysis of the proposed scheme
emented on public datasets. The results show that PCTC significantly improves model
security of the data, and has broad application prospects.

ta labeling; classification task ; homomorphic encryption; differential privacy
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