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Abstract : Aiming at the problems of slow convergenc %:land difficult to jump out of local optimization of sparrow
search algorithm, an improved sparrow search algorit% on t—distribution mutation is proposed. After updating the
position of the follower, the adaptive t—distributin” mWa#ion is introduced to disturb the position of the follower, avoid

falling into local optimization and enhance th oymance of the algorithm. By comparing gray wolf optimizer, moth —
flame optimization and original sparrow sear
tions. The experimental results and Wilcoxon' S§signed rank test results both show that the convergence accuracy and

speed of the proposed improved spa seaf®h algorithm are better than other algorithms, which can improve the conver-

gence speed of the algorithm an
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the ability of the algorithm to jump out of local extremum.
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