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Multi—attention convolutional ngtw r crowd counting

Yang Qianqgian , He QinyPe an, Yin Baoqun
(School of Information Science and Technology,Uniwers@ ience and Technology of China , Hefei 230026 , China)

Abstract: Aiming at the problem of non —uniform istribution in practical scenes, this paper proposes a crowd
" A top —down feature fusion path is constructed based on the
s to promote the fusion of high—level semantic features and low—
e maps with both semantics and spatial details. Then multi-scale con-

e attention weight maps that focus on different density distribution pat-

maps. Abundant experiments

datasets including ShanghaiTech, UCF_QNRF and JHU-CROWD++ were conducted
to prove the effectiveness roposed network .

Key words : crowd counting ;¥ensity map estimation ; attention mechanism ; feature pyramid network
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