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Unsupervised single target tracking algori ased on attention mechanism

Lin Zhixiong , W¢* Tijthg , Chen Zhicong
(College of Physics and Information eetmg , F'uzhou University , Fuzhou 350108 , China)

Abstract: In order to improve target tracking a@curady, this paper designs an unsupervised single target tracking algo-

rithm based on attention mechanism. The ses the DCFNet network as the basic network to achieve unsuper-
vised tracking through forward tracking and b rd verification. In order to combine the context information, a feature

fusion method is introduced, and the

atureg, extracted by each layer of the DCFNet network are adjusted for resolution
by bilinear pooling for feature fusj i orgr to pay attention to the relationship between different feature channels, a
channel attention mechanism SE le is introduced; a reverse frame—by—frame verification method is designed, and
the first frame is predicted n“the reverse verification of the intermediate frame, thereby reducing the error of the
ults on the public dataset OTB -2015 show that the AUC score of this algorithm is

. Compared with the unsupervised single —target tracking UDT algorithm, the designed al-

discriminant position. The
60.6% and the speed is 61F
gorithm achieves better target tracking performance.
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