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Abstract: In order to solve the problem that tradigional chine learning methods rely heavily on features, and traditional
convolutional neural network only extracts importait lo@al features to complete recognition and classification, and the con-

vergence speed is slow, an intrusion detecid od combining 1 —dimensional multiscale convolutional neural network

and gated recurrent unit is proposed. In this\wéthod, 1 —dimensional multiscale convolutional neural network is used to
enhance the ability to capture features N\speedy up” the convergence speed, and the gating cycle unit is used to grasp the
e number of channels and reduce the data dimension. The KDD CUP 99 data

of the University of Mississippi are used for simulation experiments. The results

spatial features, reduce the expansi
set and the natural gas plpehne
show that the method has usion detection performance and better generalization ability than the classical ma-
chine learning classifier.
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