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Abstract: In order to effectively monitor indoor harmful \gase§), this paper proposes an improved deep residual network

method for quantitative analysis of indoor harmful g 1s method uses residual networks to improve the ability of

deep learning methods to learn the characteristics infesférence signals, and improve the accuracy of quantitative analysis
of mixed gases and the robustness of the mo oft threshold is used as a non-linear layer and embedded in the
deep neural network to eliminate unnecessa features. This method combined the advantages of deep learning and

traditional signal processing noise reduction algorithms, and was verified by using formaldehyde gas sample sets with differ-
ent interference levels. The experime
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esdfs show that the model is still highly accurate in scenes with interference.

itative analysis ; bionic olfaction ; deep residual network
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PCA +LDA 66.33 65 75e \  @b4.34
SVM 73.56 6. 75.54
CNN 84.56 88.42

90.12 4 \N.34 92.81
N
2
/s
PCA +LDA 5.354%10° 10.538
SVM 3.214x10° 12.357
CNN 6.321x10° 25.714
4.245% 10° 28.563
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