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Abstract : Aiming at the problem that the measureme of slurry pH in wet limestone —gypsum wet flue gas desulfur-
ization(WFGD) process in coal—fired power plant§ is , which is not conducive to WFGD operation, a high—precision

the framework of deep learning, the long —term and short —term

slurry pH model was established. Therefore,

D (l
memory neural network (LSTM) algorithm was %’ to model the superiority of time series processing.The model has good

lurry
N actlial operating data of coal—fired units as the auxiliary variables of the model.

accuracy and generalization ability.The prediction model based on LSTM neural network was established by using

variables related to slurry pH change
The model was simulated and nd compared with the BP neural network model and the least square support
vector machine (LSSVM) model
which verifies the excellen
Key words : slurry pH predi

desulfurization (WFGD) ; time series

ults show that the LSTM neural network model has the highest prediction accuracy,
ance of the LSTM neural network in industrial modeling.

ion ; long and short —term memory network (LSTM) ; wet limestone — gypsum wet flue gas
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