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Abstract : Fish classification and identificati road application prospects in the fields of fisheries resource research,

Wang Wencheng', Jiang Hui',

scientific promotion of fish knowledge, aquacu processing, and protection of rare species. In this paper, for the four

species of turbot, yellowfin snapper, g8lden ‘sh, mullet, based on the PyTorch framework, the ResNet50 network model

is used to classify and identify th
of fish training is 96%. At the

interface pictures and the o

different algorithms, and the model is continuously optimized. The accuracy rate
e, the GUI visual interface was developed with PyQt5. Through the selection of
the prediction function button, the actual category of the test results is consistent
with the predicted category \I{eNreal —time tracking and detection of underwater targets was done using the DSOD frame-
work, which improved the detection rate of small targets. At the same time, the detection speed of the model is main-
tained, and the detection results meet expectations.
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