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Abstract: The effect of rumor diffusion and controlmis nced by the user’s decision and social network structure. The
traditional model complex network structure is_sifaple fand less consider the influence of user decision. Based on graph
theory and regret minimization algorithm, this @ roposes an evolutionary game model for analyzing user decisions and

rumor control on social graphs. On the basis @f=fodeling, evolutionary games and replication dynamic equations are used

to study the factors affecting user deci8ipns, @and regret matching and dynamic discounts are adopted in the policy update

rules. Simulation results verify that | can effectively reflect the influence of user decision on rumor diffusion, improve
the rumor suppression effect, and he influence of network clustering coefficient and risk threshold on rumor control.
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