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Design and implementation of mul~e t classification system

for securif ahicles

Wu Ximo, angyu , Zhang Lei
(North China Institute of C@ stems Engineering , Beijing 100083 , China)

Absrtact : At present, the classification labe ecurity website information are different, and there is no unified classi-
fication standard, so that security websites canndy, accurately display specific types of security information to users. Faced

inﬁmation of security websites, users need to spend a lot of time to identify

with a large number of technical a
text categories. So, it’s signific esign a multi —text classification system to advance the user experience and make
use of securily websites’ effici is paper develops a security text multi—text classification system based on a hybrid

model of CNN and LSTM

to extract page data in differ

the Scrapy framework, a web crawler, which supports both customized configuration
ayouts and data persistence storage, is used in this system. Based on the mixed model
of CNN and LSTM, a multi—text automatic labeling module is designed and implemented to realize the automatic classifi-
cation of website security information. The rate of classification accuracy has increased by 1.79% and 1.54% in compar-
ison with the traditional CNN and LSTM models respectively. Meanwhile,the F1 value has increased by 1.02% and
0.32%.
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