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Abstract: The complexity and diversity of pe ns in real scenes make pedestrian detection a hot topic with both re-
search value and challenge in the field of conputer vision. In order to improve its accuracy, this paper proposes a

rithm based on the combination of SSD and FRN, modifies the serial SSD ba-

connected FRN network structure that introduces contextual semantic information,

densely connected pedestrian detecti
sic network into a multi—layered
and uses clustering ideas to ate boxes suitable for pedestrian scale, and adjusts the scaling factors of different
detection layers according t atistical distribution law of pedestrian size, so as to achieve end—to—end training. The
brified on the fusion dataset and the VOC2007TEST dataset. Compared with the SSD
method, the accuracy of the method AP is improved by 5.8% and 2.9% respectively, with higher accuracy and robustness.
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