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Abstract : Fabric defect detection is an important step to control the quality of fabric products. The traditional fabric de-
fect detection methods have low detection efficiency and high labor intensity. Therefore, in view of the problems of tradi-
tional detection methods, a classification algorithm based on Convolutional Neural Network (CNN) for fabric defect detection
is proposed in this paper. Network is based on VGG16 to adjust structure, by optimal network parameters to achieve the
optimal results. First of all, due to the difference in the size of fabric flaws, it is proposed to use the edges of the de-
fects as the detection target, so that large —scale images can be divided into 64 x64 small —scale images for network
training, which not only improves the classification accuracy of the network, but also solves the problems of difficulty in
collecting images of fabric defects. Secondly, in the test process, the large—scale images are segmented with overlapping,
and then the divided images are classified, and the large —scale images defect detection is realized according to the output
label and position of each image. The experimental results show that compared with the traditional VGG16 and LeNet
network structures, the network structure proposed in this paper has the advantages of fast detection speed and high de-
tection accuracy.
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