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Abstract: To solve the problem of poor edge-preserving performg the*hon-local sparse-based super-resolution reconstruction meth-
s

od, the algorithm based on sparse coding and anisotropic filterin

convolution neural network and anisotropic guided filterings

is pibposed. Specifically, an anisotropic feature model is trained by the

n a local structure prior is constructed by using the feature model to

complement the non-local sparse prior,and thus impr@e dge preserving ability of the algorithm. The trained model of this algo-

rithm is tested with the general test data. The ex

preserving performance,and obtains higher objecti

esults demonstrate that the proposed algorithm effectively improves the edge-

aluation indices and images with better visual effect.
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