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Abstract: The era of the Internet

which brings convenience to peopl

is coming quietly. With the development of the Internet of Things technology,
urity issues become increasingly prominent. To solve the problem of network intrusion
security in Internet of Things,
algorithm (GWO) has the adv

parameter selection of Support Vector Machine(SVM) is helpful to improve the accuracy of classification model. Furthermore,

algorithm was proposed to realize network intrusion detection. Grey Wolf Optimization

of fast convergence speed and strong global search ability. Using GWO to optimize the

by adjusting the fitness value function, overfitting of the classification model is avoided.In order to verify the effectiveness of
the GWO-SVM algorithm, the experiment employs UNSW—-NBI5 data sets and compares with other parameter optimization
methods such as SVM, PSO-SVM, GA-SVM. The experimental results show that GWO-SVM algorithm has higher clas-
sification accuracy and performance, which is suitable for network intrusion detection in the Internet of Things.
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