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Abstract : Accuracy and quality are very imp fd# the knowledge base. Although there have been many researches
on the incompleteness of knowledge base, fe ers consider the detection of errors in the knowledge base. According
to the traditional methods, it is usually unabl effectively capture the internal correlation of errors in the knowledge

base, so as to check the errors. In pagfr, a relational sensitive embedded method NSIL for knowledge base is pro-

posed to obtain the correlation am relationships  between them, so as to check out the errors in the knowledge

base, so as to improve the ac quality of the knowledge base. This method is divided into two stages: correla-
tion processing and error det the correlation processing stage, correlation function of NSIL is used to obtain the
correlation degree of each re ip in the form of score; in the error detection stage, error detection is based on the
score of correlation degree, and missing component prediction is carried out for the triplet of missing subject or object.
At last, the method is verified on the benchmark data set "FBISK" which is generated by Freebase, one of the largest
knowledge bases. It is proved that the method has high performance in knowledge base error detection.
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