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Abstract: As a basic tool of digital geometry proc @Sh parameterization has a wide range of applications in game
entertainment, engineering design, simulation and »@ s. Most of the traditional meshing parameterization methods obtain
results by solving linear or nonlinear system icle presents a mesh parameterization model based on convolutional
mesh autoencoders, the network model is gene by the combination of the encoding part of a convolutional mesh au-

toencoders and the decoding part, and 4wsing @ class of human face mesh data set as the network training data. The re-

sults show that the algorithm is m 68 percent faster than the SLIM (Scalable Locally Injective Mappings)algorithm

and more than four times faster e PP (Progressive Parameterizations ) algorithm, while the parameters of the mesh
parameterization are used to
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