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Hive data provenance method based on DAG
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Abstract : Data provenance can quickly locate the source of data and its production process, which is of great help to
audit and data life cycle management. It is an important part of data security protection. Aiming at the problem that tra-
ditional data provenance mechanisms are difficult to apply to large—scale and complex data processing in Hive data ware-
houses, this paper proposes a data traceability method based on Directed Acyclic Graph (DAG). It can implement the
traceability of Hive data. Finally, the effectiveness and performance of this method are tested and verified by experiments.
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