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Texture image clustering based on directional derivative texture descriptor

Xiang Bin, Chen Xiaoyun

(College of Mathematics and Computer Science , Fuzhou University , Fuzhou 350108, China )

Abstract: Based on the analysis of CS-LBP, ICS-LBP, FCS-LBP and ECS-LBP, a texture descriptor of 4 dimensions is
proposed. This descriptor calculates the directional derivative of 4 directions, which is more discriminative and more accurate in
clustering, comparing to CS-LBP, ICS-LBP, FCS-LBP and ECS-LBP. However, this descriptor has a dimension of 4 from CS-LBP,
ICS-LBP, FCS-LBP and ECS-LBP of 16. The average computing time is within CS-LBP, ICS-LBP, FCS-LBP and ECS-LBP.
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