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Abstract: Robocup is a research hotspot in artificial inte ;ie held whi (h aims to provide a standard research platform for

multiagent system. An action sequence model based decisic chanism is‘{ Qioposed in this paper for agents making reasonable

action decision. By decomposing the action space, esl: 1ing d(tl()ll sequence and evaluating action sequence, current optimal
action can be chosen to execute. Simulation results & e thdt mth dp\h(dtlon of applying this decision mechanism, environment
adaptability of agents is enhaneed.
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Example of Application

1 ’
s Action , : o
class Action s s
{ 9 o
virtual bool IsPreconditionReady ( )=0; 1.2

virtual estimateT getEstimateAfterAction ( )=0;

virtual SoccerCommand getCurrentCommand () =0

}
IsPreconditionReady ()

getEstimateAfterAction () s

; getCurrentCommand () , ¢hance

N
'—\éé. xchance O (1)

& > . RoboCup
& -

(1) Q% estimate_value
S

Action s 1
passBall | dribble | shoot

| dribble
1

passBall ‘

1.1
rilearn 2
o 7
(dash . kick .turn ) : :
(passBall | dribb 3a | 4al Sa
shoot ). 2 Q --------------- -------
() IREROERIE
> 3 4b 5h
passBall ; 3
. (2) area_0,area_1l ,area_2,area_3,area_4 ,area_5,area_6
, 7 ,
shoot : o (4) ° 1 )
outplayOpponent : o x ,0 0.0,
(5) intercept : s
. . (6) (area_6 ) o
clearBall ; . (7)) moveToPos : 1 7
. (8) mark :
s area_0 0.1
. (9) searchBall ; , . area_l 0.2
, area_2 0.4
area_3 0.7
’ ’ area_4 0.9
o area_5 1.0
, area_6 1.8
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pos (x,y), (2)
(3)e

pos area_ N,Ne{0,1,2,3,4,5}:
benefit=min_benefit_area_N+
(max_benefit_area_N—min_benefit_area_N ) x
(pos.getX () ~ min_areaN_x )/ ( max_areaN_x—
min_areaN_x ) (2)

pos area_0:
benefit =2 xmin_benefit_area_6 + ( max_benefit_area_6 —

min_benefit_area_6)X(pos.getX ()-MAX_AREA2_X)/( PITCH_

LENGTH/2-MAX_AREA2_X) (3)
getX (), getY () pos X,y
s area_6 s ,
1.2.2
chance s

> ’

, o5 (x
(1+e™), S , s(x)el0,1];
0.5; x<<0 ,s(x)~0; a>>1 ,s(x)~1, ,4
(0,1) o
4 s posB
posPassTo ,

s sInter , DistBall
posBall poslnter , Dis
poslnter ,

chance=s (1.5xDistOpp ~ Dist

s(x)
chance=0;  1.5xDistOpp <<DistBall
poslnter
chance—1,
, DistOpp 1.5
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maxEstimate=—1.0

0 estimy

Gstimate>y
maxksti mat g

¥4
>=estimate

getEstimateAfterAction ()

getCurrentCommand ()

o

(1) 3
8
, (a);
(2)
; 8 ,10
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