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Abstract: Semi-supervised clusteri ples’ supe v& nformal unsupervised learning. In the semi-su-
pervised clustering, pairwise constra mation (must—link ts and cannot—link constraints) are widely used as samples’
: Qne kind of chical

% pairwi n nts (PS=AHC). The algorithm uses pairwise con-
straints to change distances of clusters.li @ to"the truth. The results of experiments on the UCI data

prior knowledge. Agglomerative hie clustering .This paper presents a semi-—su-

clusler?
sets confirm that PS—AHC algorithm ca mprov ccurac ing effectively and that it is a promising semi—supervised

cluste@\rwme co@ agglomerative hierarchical clustering
) \ e, , must—link
0 cannot—link .

clustering algorithm.
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M(C):% Zcxk \ i@b \ 2) , ML(C ;x) C.L(C;x)o ML(C ;x)
x € N c x must —link
C, Gy ‘\\ : ,CL(C;x) c x cannot—
d(Cy, C)=IIM(C)-M(Cy)II? (3) link s
AHC : ML(C;x)={ele e C,(e,x) e ML}
S={wr, 0, 0, 200} CL(C;x)={ele e C,(e,x) e CL}
: {Ci, Gy, Gk} ,  ML(C;x) CL(C;x)
(1) :g={C1, Cy, -+, Gy}, ML(C;C") CL(C;C'):
Y=N, dc,c'y, C.
C'eg. ML(C;C’):xEJC’ML(C;x)
(2) :(C,,C,)=arg min
e CL(C;C")=U CL(C ;x)
dc,ch.c, .C=C,UC,, C g vec
c, € g . Y=Y-1, Y=K, . K(c;c) ML(C;C")  CL(C;C")
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