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Share =
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1
X;.trust++ ;
X;. trust++ ;
}
}
/1Step 2
sort(dataSet) ;
//Step 3
for(i=1;i<n;i++)
{
if(visit[i] == false)
{
for(j=i;j<n;j++)
{7/
/1 X; clusterNum <R
if(! visit[j]&& d(clusterNum,x;)<R)
{
Cluster| clusterNum ].sonNum++ ;
visit[j|=true ;
}
visit[i] = true;
}
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/I Step 4
for(i=1;
for(j=i+1; j < clusterNum;j++)
{ /IMatrix[M][M] ,
if (Share>=(Cluster[i].sonNum+ Cluster[j].sonNum)*Q)
{ 7/
Matrix[i][j]=1;
Matrix[j][i]=1;

1 < clusterNum; i++)

Share = ,

}
DFSMergeCluster();

//DFS
1.3
(1) TrustCCluster :
Q. TrustCCluster K—-Modes
, K

k
r= z @/n
=1

Lk , 1
9n o
Soybean , 47
0 .35 : 4 .
1 E=Y Z d (%, 0)/nx(n—1)
=1 j=i+1
,T= Z T/n?, T, i . TrustC-
P
Cluster  3/2E SR <O9I8E ,31/16T < <7/4T
100 . K—Medesi P —Modes
K=3, g 100 .

1 R W(ﬂuster .
R N )
O

100 %o
1 Soybes

o Q\x

< AN
A ) r1%
K —Modes 8541 © .45 75.30
PR des \SJ P 89.45
TRISICCN ster ‘(‘% ).00 \ .72 93.94
C&%Sblonaj/ }Pe 1984
4@() / 16
% \ s Republican
Q Jemocrap, A\ X 5 16
()" 3 (y 1
» LN ). TrustCCluster ~ 4/5E <R <5/4E,
3/5T3\t Q<3/2T 100 . K-Modes .P-Modes

K=3, )

, TrustCCluster

> o5 ¢
i 100 B 2 o
Q& (%, ) )

DisAtte[E1[Z][A] 5, Q

5 d (x; , %)

Ps’n)=0((Ps+Ps*+P’s*)n) ,semax [Vl , | <[< P
n>>s ,n>>F, \0>n
(1) ) O(n(n-1)/
2), (2) s \ O(nlgn),
(3) \O(n (n+1)/2),
(4) o(m*),m (3)
(n>>m),
TrustCCluster 0(n*),

) (Psw +Ps’n + .

2 Congressional Votes

/% /% rl %
K—-Modes 85.75 61.38 84.14
P—Modes 91.56 63.12 87.80
TrustCCluster 92.88 62.07 88.61
TrustCCluster , K—-Modes . P—Modes , TrustCCluster

5

s UCIMachine Learn-

ing Repository Soybean Congressional Vote
) K—-Modes .P-Modes
VC++6.0,
’ r:

o

TrustCCluster 0(n%,

TrustC-

’ o

Cluster s

’ R Q
61

www . ChinaAET .com



Technique and Method

www . ChinaAET .com

[1] MACQUEEN J.Some methods for classification and analysis
of multivariate observations[C].Proc 5th Berkeley Symposium
Mathematics Statist and Probaility , 1967 ;: 281-297.

[2] KAUFMAN J,ROUSSEEUW P J.Finding groups in data:
an introduction to cluster analysis|M].New York : John
Wiley&Sons , 1990.

[3] ESTER M,KRIEGEL H P,SANDER J,et al.A density—
based algorithm for discovering clusters in large spatial
databases[C].Proc.of 1996 Intl.Conf.on Knowledge Discov—
ery and Data Mining, Portland , OR.1996 :226-231.

[4] WANG W,YANG J,MUNTZ R.STING : A statistical infor—
mation grid approach to spatial data mining[C].Proc of
1997 Intl.Conf.on Very Large Databases, Athens, Greece.
1997 : 186-195.

[5] KOHONEN T.Self-organized formation of topologically
correct feature maps|J].Biological Cybernetics, 1982 ,43(1):

62

59-69.

[6] Huang Zhexue.Clustering large data sets with mixed numeric
and categorical values[C].Proc of PAKDD 97.Singapore :
World Scientific , 1997 . 21-35.

[7] Huang Zhexue.Extensions to the K-means algorithm for
clustering large data sets with categorical values[J].Data
Mining and Knowledge Discovery, 1998 ,2(3):283-304.

[8] , , . K—-Modes

[J]. ,2010,47(10) : 1749-1755.

( :2012-07-24)

. ,1970 :
1983 , , ,

1965 -

www . ChinaAET .com





