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Abstract: Weighted Fuzzy Petri Nets (WEPN) lack strong sell— ] dr intg db]l]lles 0 address the issue,
algorithm of WFPN based on BP al Vit modifying the original WFPN model,

simplify the process of learning and iraining of WFPN.
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1 Petri

1 WFPN :
Wiy =0.3 , Wi =0.5 , W3 =0.2 , Wy =0. 62 s Wy =0.38 , W5 =

www .ChinaAET.com



Technique and Method

www . ChinaAET .com

0.35,w5=0.65,

90 1 WFPN
wn=0.1,w,=0.1,w3=0.8,w,y=0.2,w5p=0.8,w5=0.8,
w»=0.2,

WFPN 41 , :
wy; =0.299 993 1w, =0.500 043 ,w;; =0.199 965 ,wy =
0.619 675, w,p=0.380 325, ws5=0.349 974 ,w5,=0.650 026,

10
WEFPN s 1,
1
Ps P
1 0.539 037 0.539 032 0.492 728 0.492 725
2 0.560 501 0.560 505 0.597 822 0.597 814
3 0.586 434 0.586 431 0.520 070 0.520 055
4 0.686 626 0.686 624 0.622 721 0.622 689
5 0.671 761 0.671 763 0.550 355 0.550 329
6 0.492 619 0.492 612 0.424 258 0.424.270
7 0.570 969 0.570 971 0.514 670 0.5147645
8 0.669 675 0.669 676 0.309 258 0.309 284
9 0.647 340 0.647 342 0.480 594 0:.480 608
10 0.522 189 0.522 194 0.524 476 0.524 457
WEPN S WEFPN Q
. s Q
WEPN : Q
WFPN s WEPN O
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