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Abstract: This paper presents a diseretization method al attn})utea{/ b’as/efl on probability and information entropy, namely

PIE, which synthetically considers .the variance’ among %
intervals by using information_entropy ‘and¥takes inl(@

on learning accuracy, and thejmeasurement of twe

nu‘rg(‘d’inlefvalé\}'l’ﬁis method measures the similarity of adjacent two
1t the effecthof the discrete interval size and class number of each interval

actors is achievedhwith probabilistic means. Simulation results show that PIE can
\ 4

yield more classification and learning a(:(rura(t_\'\lk punning See5/C5.00¢lassifier and has better application on tumor diagnosis.
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