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Abstract: Advanced an optimized LMNLDA algorithm for face rec Dmn ,redefmthe term of scatter matrix and overcomed
the effects of edge—class,when choosingthe optimal projection directio” Al the same tin{é,' avoids computing the inverse of matrix
by means of factorization,and solves the Small Sample problem (SS5).¥n order to re the effectiveness of the experimental results,
we could conduct a test in face database including YALE ORDdand PIE. {
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3.1 Yale 4
Yale R 15 340
s 11 , 165 256 11214
s 243 mmx320 mm .
o 2 LMNLDA
’ )
105 )
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3.2 ORL OLMNL-
ORL
D 10 i35 20,025 30 35 40 45 50 55 60
YPCA 45 1833 5&\‘ 55 MS6/67% 38.33  58.33 60 60 60 60
YPCA +LDA 46.67  81.67 \Qﬁ-” }Z 780y "76.67  78.33  78.33  71.67 78.33 80
YMMC 68433 Q\/ 75 )0 68.33  68.33 65 65 7333 71.67
YPCA+LMNLDA | 77412 \ 79.33, 76”79 77 80.55 80.17 80 80 80.17
YPCA + OLMNLD A 78..36 3.43 30.15\ 7% 80  82.48 83.17 85 85 86 87
2 Okt
D 10 L AN 25 30 35 40 45 50 55 60
OPCA 6417 75% Y6.67  75.83 78.33 79.17 79.17 79.17 79.17 79.17 79.17
OPCA +LDA 91.67 NP 9333 9417 95 95 95 95 95 95 95
OMMC 80 %}5 §7.5  87.5 88.33 90 90 90 90 90 90
OPCA + LMNLDA 90  97.67 94.17 94.17 96.13 96.14 96.40 96.57 96.60 96.61  96.63
OPCA+OLMNLDA ~ 92.36  98.15 96 96  98.37 97.23 98.35 97.23 97.36 97.34 98
3 PIE
d 10 15 20 25 30 35 40 45 50 55 60
PPCA 50.13 52.33 5733 60  60.47 61.52 60.56 60.48 60.43 60.57 60.77
PPCA+LDA 50.23  56.82 59.33 60.83 61.72 62.08 62.52 63.08 63  63.17 63.47
PMMC 41.10  45.63 47.95 49.65 50.95 52.15 52.98 53.71 53.91 54.06 54.24
PPCA+LMNLDA  60.33  65.44 65.13 64.48 63.48 65  64.88 64.98 64.80 64.99 64.78
PPCA+OLMNLDA  65.34 67.50 67.25 66.13 65.34 67  65.45 67.45 67.67 68.34 68.78
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